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Urban Grid Management Incidents Pattern Mining and Prediction
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Abstract The rapid development of urbanization has brought great challenges to the management of cities. The management and early warning

of urban incidents have become an important part of urban sustainable development. This paper proposes RBTA, a multivariate time-

series model, to find the patterns including basic trend, seasonality, irregular components and relationship among different incidents.

We evaluate our model on the real dataset from the downtown area of Shanghai, one of the biggest metropolitan of the world.

The average forecasting root mean squared error (RMSE) is 0.15, which decreases 4.9% comparing to the best one of the existing

methods.
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